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—— Abstract

It is celebrated that a simple random walk on Z and Z2 returns to the initial vertex v infinitely
many times during infinitely many transitions, which is said recurrent, while it returns to v only
finite times on Z? for d > 3, which is said transient. It is also known that a simple random walk
on a growing region on Z? can be recurrent depending on growing speed for any fized d. This
paper shows that a simple random walk on {0,1,..., N}" with an increasing n and a fixed N can
be recurrent depending on the increasing speed of n. Precisely, we are concerned with a specific
model of a random walk on a growing graph (RWoGG) and show a phase transition between the
recurrence and transience of the random walk regarding the growth speed of the graph. For the
proof, we develop a pausing coupling argument introducing the notion of weakly less homesick as
graph growing (weakly LHaGG).
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1 Introduction

The recurrence or transience is a classical and fundamental topic of random walks on infinite
graphs, see e.g., [16]: let Xy, X7, X5,... be a random walk (or a Markov chain) on an infinite
state space V, e.g., V = Z, with Xy = v for v € V. The random walk is said to be recurrent
at the initial state v if

ZPr[Xt =] =00 (1)
t=1

holds, otherwise it is said to be transient. Intuitively, (1) means that the random walk is
“expected” to return to the initial state infinitely many times. An interesting fact is that a
simple random walk on Z or Z? is recurrent, while a simple random walk on Z? is transient
for d > 3, cf. [16].

Analysis of random walks on dynamic graphs has been developed in several contexts.
Random walks in random environment is a popular subject in probability theory, where
self-interacting random walks including reinforced random walks and excited random walks
have been intensively investigated as a relatively tractable non-Markovian process, see e.g.,
[9, 5, 15, 29, 30, 21]. The recurrence or transience of a random walk in a random environment
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is a major topic there, particularly random walks on growing subgraphs of Z% or infinitely
growing trees are the major targets [11, 12, 18, 1]. In distributed computing, analysis of
algorithms including random walks on dynamic graphs attracts increasing attention because
networks are often dynamic [7, 22, 2, 28]. Searching or covering networks, related to hitting
or cover times of random walks, are major topics there [8, 3, 14, 4, 24, 6, 20].

Existing works. As we stated above, a simple random walk on the infinite integer grid Z¢
is recurrent for d = 1 and 2, while it is transient for d > 3. Dembo et al. [12] investigated
a random walk on an infinitely growing region of Z® and showed a phase transition, that
is roughly speaking a random walk is recurrent if and only if }",°, m(0) = oo holds under
certain conditions, where 7m; denotes the stationary distribution of the transition matrix at
time ¢t. Huang [18] extended the argument of [12] and gave a similar or essentially the same
phase transition for more general graphs. The proofs are based on the edge conductance and
the central limit theorem on the assumption that every vertex of the dynamic graph has a
degree at most constant to time (or the size of the graph). Those arguments are sophisticated
and enhanced using the argument of evolving set and the heat kernel by recent works [10, 13].

Kumamoto et al. [23] were concerned with a specific model called random walk on growing
graph (RWoG@), which is parametrized by : Z>o — Z>( representing the growing (inverse)
speed of the graph. Then, they investigated a simple random walk on {0,1}" with an
increasing n, and showed that the random walk is recurrent if > | 9(n)/2" = oo, otherwise
transient. Notice that the degree of every vertex of the {0, 1}" skeleton graph infinitely grows
as n — oco. They introduced the notion of less-homesickness as graph growing (LHaGQG)
and gave a proof by a coupling argument, which is easier than the arguments based on the
conductance or heat kernel, for this specific object. However, the proof technique is not
simply applicable to a simple random walk on {0,..., N}"™ with an increasing n (and a fixed
N), and it remained as future work.

Result. This paper is concerned with the RWoGG model (see Sec. 2.1), and shows a phase
transition by the growing speed regarding a random walk being recurrent/transient for a lazy
simple random walk on {0,..., N}" with an increasing n and a fixed N. For this purpose,
we introduce the notion of weakly less-homesick as graph growing (weakly LHaGG; see Sec. 3)
and show sufficient conditions for a weakly LHaGG RWoGG to be recurrent (Thm. 2) or
transient (Thm. 4). The notion of weakly LHaGG is quite intuitive and natural, but we
have to develop a new technique of pausing coupling to prove that a lazy simple RWoGG is
weakly LHaGG. Then, we give the threshold Y ;2 9(k)/(2N)* = co of the phase transition
(Thm. 6).

Other related works. It is another celebrated fact that a simple random walk on an infinite
k-ary tree is transient for k > 2 [26, 27]. Amir et al. [1] introduced a random walk in a
changing environment model and investigated the recurrence and transience of random walks
in the model. They gave a conjecture about the conditions of the recurrence and transience
regarding the limit of a graph sequence and proved it for trees. Huang’s work [18] implicitly
implies a phase transition between the recurrence and transience of the random walk on
a growing k-ary tree regarding the growing speed of the graph, based on the conductance
arguments. Kumamoto et al. [23] explicitly showed the phase transition for a growing k-ary
tree under the RWoGG model, where they employ a coupling argument.
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There is a lot of work on the recurrence or transience of random walks on growing trees in
the context of self-interacting random walks including reinforced random walks and excited
random walks, e.g., [19, 17]. They are non-Markovian processes, and in a bit different line
from [12, 1, 18, 23] and this paper.

Related to the cover time, which is another major topic on random walks, Cooper and
Frieze [8] investigated the covering rate of a random walk on the “web-graph” model, where
the graph grows at a constant speed. Kijima et al. [20] introduced the RWoGG model,
where the growing (inverse) speed of a graph is parameterized by 9: Z>¢ — Z>¢, and they
investigated its covering rate.

Organization. As a preliminary, we describe the model of random walk on growing graph
(RWoGG) in Section 2. Section 3 introduces the notion of weakly LHaGG, and presents some
general theorems for sufficient conditions that a weakly LHaGG RWoGG is recurrent /transient.
Section 4 shows a phase transition between the recurrence and transience of a lazy simple
random walk on {0,..., N}" with an increasing n.

2 Preliminaries

2.1 Model

A growing graph is a sequence of (static) graphs G = Gy, G1, Go, ... where Gy = (W, &;) for
t=0,1,2,... denotes a graph! with a finite vertex set V; and an edge set & C (1;*) For
simplicity, this paper assumes? V; C V; 11 and & C &;41. In this paper, we assume |V, | = oo,
otherwise the subject is trivial; that is always recurrent. A random walk on a growing graph
is a Markovian series X; € V, (¢t =0,1,2,...).

In particular, this paper is concerned with a specific model, described as follows, cf. [20].
A random walk on a growing graph (RWoGG@), in this paper, is formally characterized by a
3-tuple of functions D = (3, G, P). The function d: Z>y — Z>( denotes the duration. For
convenience, let T := Y"1 (i) for n = 1,2,... and 7§ = 0. We call the time interval®
[T2_,,T?) phasen for n = 1,2,...; thus T2_; = 327~ 9(4) is the beginning of the n-th phase,
but we also say that T°_; is the end of the (n — 1)-st phase, for convenience. The function
G: Zso — & represents the graph G(n) = (V(n), E(n)) for the phase n, where & denotes
the set of all (static) graphs, i.e., our growing graph G satisfies G; = G(n) for t € [T°_,,T7?).
Similarly, the function P: Z~o — 91 is a function representing the “transition probability”
of a random walk on graph G(n) where 9 denotes the set of all transition matrices.

In summary, a RWoGG X; (t =0,1,2,...) characterized by D = (9, G, P) is temporally
a time-homogeneous finite Markov chain according to P(n) with the state space V(n) during
the time interval [T°_;,T?). Suppose Xy = o for 0 € V(1). We define the return probability

at o by
Ry(t) =Pr[ Xy =0] (=Pr[X; =0 X0 =09]) (2)
at each time t = 0,1,2,.... We say o is recurrent by RWoGG D = (v, G, P) if

D Ro(t) = o0 (3)

holds, otherwise, i.e., > 1o, Ro(t) is upper bounded, o is transient by D.

1 Every static graph is simple and undirected in this paper, for simplicity of the arguments.
2 Thus, the current position does not disappear in the next step.
3 Let [T 1, T2)={T2 1, T2 1 +1,..., T2 — 1}, for convenience. Notice that |[T,>_;,T})| = 2(n).
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2.2 Mixing time

Next, we briefly introduce some terminology for random walks on static graphs, or time-
homogeneous Markov chains, according to [25]. Suppose that Xo, X7, Xo,... is a random
walk on a static graph G = (V, E)) characterized by a time-homogeneous transition matrix
P = (P(u,v)) € RYSY where P(u,v) = Pr[X;11 = v | X; = u]. A transition matrix P
is irreducible if Yu,v € V, 3t > 0, P'(u,v) > 0. A transition matrix P is aperiodic if
ged{t > 0; P'(v,v) > 0} =1 for any v € V. A Markov chain is ergodic if it is irreducible
and aperiodic. A probability distribution 7 over V' is a stationary distribution if it satisfies
7P = 7. It is well known that an ergodic P has a unique stationary distribution [25].
Let

d(t) := max | Pz, ) = 7l (1)
Then, the mizing time of P is given by

bia(€) := min {t; d(t) < ¢} (5)
for € € (0,1). We will use the following fact in the proof of Lemma 3 appearing later.

» Lemma 1. Suppose P is ergodic. Let m, denote the probability of v € V in the stationary
distribution of P. If t >ty (%) then d(t) < % holds.

Proof. Let

d(t') := max Hpt — Py, )H

z,y€V TV

It is known that d(t) < d(t) < 2d(t) holds (cf. Lemma 4.10 in [25]). For convenience, let
t = timie(%) + s for s > 0. Then,

d(t) < d(t) (by Lem. 4.10 in [25])
< d (tmio (%)) d(s) (by the submultiplicativity of d (cf. Lem. 4.11 in [25]))
< d (tmiz (%)) (since d(s) < 1)
< 2d (tmin (%)) (since d(t) < 2d(t) (cf. Lem. 4.10 in [25]))
Ty
<o (by (3))
and we obtain the claim. <

3 Recurrence and Transience

This section presents sufficient conditions that RWoGG D = (9, G, P) is recurrent/transient.
Let t%i)(e) denote the mixing time of P(k) and let 75™) denote the probability of a vertex
0 € V in the stationary distribution of P(k) in the following. In this paper, we are mainly

concerned with RWoGG D = (9, G, P) satisfying
> (k)p(k) < o0 (6)

where p(k) := 75*) and 7*(k) :== Gk (#). Roughly speaking, the condition (6) means

mix

that the mixing times of D are not very large.
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3.1 Recurrence

This section gives a sufficient condition that o is recurrent by D.

» Theorem 2. Suppose D = (0, G, P) satisfies (6). If 0 satisfies
> a(k)p(k) = oo (7)
k=1

then the initial vertex o is recurrent by D where p(k) = Wf(k).

To prove Theorem 2, we prove the following lemma.

» Lemma 3. Any RWoGG D = (v, G, P) salisfies

I SOEED ST ORES SER (S (®)
t=1 k=1

for any n > 1, where recall 7*(k) :=t Gk) (%) and p(k) = 7§k

mizx

Proof. We prove the claim by an induction with respect to n. For n = 1, we prove

ZRD >3 (001) = 7 (1) p() ©)

holds, where recall Tf = d(1) by definition. We consider two cases whether d(1) < 7*(1) or
not. If 9(1) < 7*(1) then the right hand side of (8) < 0. Clearly the left hand side of (8 ( ) >0,
and we obtain (8). Suppose ?(1) > 7*(1). Notice that

Ry(t) —w§W| < 2@ =-p(1)

holds for ¢t > 7*(1) by Lemma 1. It implies

Ra(t) 2 790 — 2p(1) = p(1)

for t > 7*(1), where recall p(1) = 7, &) by definition. Then,

?(1) o(1) o(1)

SR> Y B> Y sp(1)= 3 001) (1))

t=7*(1) t=7*(1)

holds. We obtain (9).
Inductively assuming (8) holds for n, we prove it for n+1. Noting that 7,7 | = T?+0d(n+1),

To 11 T2 o(n+1)

ZRO = Ro(t)+ Y Ro(T] +1)

t=1

1 n 1 n o(n+1)
5 Z -3 Z 7 (k)p(k) + Z Ro(T) +t) (10)
k=1 t=1
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holds since Zifl Ry(t) > 131 o(k)p(k) — >, 7*(k)p(k) holds by the inductive
assumption. Concerning the third term of (10), we can prove

o(n+1)

> Ry(TR+1) >
t=1

@On+1)—7"(n+1))pn+1)

N |

in a similar way as (9). Therefore,

(10) > 3 S 0(E)p(k) — 5 Y7 (B)p(k) + 5 (00 + 1) — 7 (n + 1)) pln + 1)

k=1 k=1
1 n+1 1 n
= 5 > akp(k) — 5 7 (R)p(h)
k=1 k=1
holds. We obtain the claim. <

Now, we prove Theorem 2.

Proof of Theorem 2. Recall the assumption (6),

T, n n
ZRa (t) > % Za(k)p(k) - % ZT*(k)p(k) (by Lemma 3)
t=1 k=1 k=1
2 %Zb(k)p(k) - %ZT*(k)p(k) (*(k)p(k) > 0 for any k)
k=1 k=1
= 2 Y akph) — 1 (by (6)) (1)
k=1

hold, where Cj is a positive constant. Thus, the hypothesis Y ;- ; 9(k)p(k) = oo implies
Y ey Ra(t) = oo, which is what we want. <

Even if (6) does not hold, Lemma 3 implies that the weaker condition

n

Tim 3 (k) — 7 (k))p(k) = o0
k=1

guarantees the recurrence.

3.2 Weakly less homesick as graph growing

Before giving a sufficient condition for transience, we introduce the notion of weakly less-
homesickness as graph growing, which is a relationship between RWoGGs and plays an
important role in our analysis. Let Dy = (f,G, P) and Dy = (f’,G’, P") be RWoGGs, and
let Ry(t) and Ry (t) respectively denote their return probabilities at time ¢t = 1,2,.... We
say Dy = (f',G', P") is weakly less-homesick than Dy = (f, G, P) at time ¢t if

> Ryp(k) > > Ry(k) (12)
k=1

k=1

holds.
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In particular, this paper is mainly concerned with the weakly less-homesick relation
between Dy = (f, G, P) and D, = (g, G, P) with the same P (and G). We say P: Zso — M
is weakly less-homesick as graph growing (weakly LHaGG)* if Dy, = (g9, G, P) is weakly
less-homesick than Dy = (f, G, P) whenever

DR =D (k) (13)
k=1 k=1

holds for any n € Zq, where we remark that G and P are common in Dy and D,. The
condition (13) implies the graph in D, grows faster than Dy, intuitively.

3.3 Transience

Next, we give a sufficient condition that o is transient by D.

» Theorem 4. Suppose RWoGG D = (v,G, P) is weakly LHaGG and satisfies (6). If d
satisfies

> a(k)p(k — 1) < 00 (14)
k=2

then the initial vertex o is transient by D where p(k) = 7S,

To prove Theorem 4, we prove the following lemma.

» Lemma 5. Suppose RWoGG D = (3,G, P) is weakly LHaGG. Let
g(k) := max (0(k), 7" (k)) (15)

for k> 1. Then, the sum of return probabilities of the RWoGG D, = (g,G, P) satisfies

Tg#—l n+1
> Ry(t) < g(1) + 5 S g(k)plk — 1) (16)
t=1 k=2

forn > 1.

Proof. We prove the claim for each fixed n =1,2,.... Let

D O CEEY .
1) {w o (1)

Let Z; (t=0,1,2,...) denote a RWoGG Dy = (f,G, P) with Zy = 0. Let Ry(t) denote the
return probability of Z;, i.e., Ry(t) = Pr[Z, = o] = Pr[Z; = o | Zy = o]. Clearly, T > T3
holds for any n > 1, hence the weakly LHaGG assumption implies

T T
D> R(t) <Y Ry(t) (18)
for any T.

4 Strictly speaking, weakly LHaGG should be a property of the sequence of transition matrices
P(1),P(2),P(3),.... For convenience of the notation, we say D = (f, G, P) is weakly LHaGG, in
this paper.

22:7

AofA 2024



22:8 The Recurrence/Transience of RW on a Grid in an Increasing Dimension

Suppose ZTq = Then, Z; for t € (T,‘{,Tgﬂ] is nothing but a time-homogeneous
random walk accordlng to P(n) with the “initial state” Zrs = v. For convenience, let

t=T9_ |+, then
t' > g(n) > 7(n) (19)
by (15) and (17). This implies

n+1 n+1 T
> By(t) Z > R
t=1 k= 51

T! nt1 T
=D _Rs(®) Z Z Ry (t)

+1

Tk+1

+ZZRf

k=1t=TJ+1

k+1

0+ 3 Y w[a=olzy, = e [m =i a=

k=1t=TJ+1veV (k-1)

n g(k+1)

RS Sl AP [N PP

-1 =1 veV(k-1)
n g(k+1)

) + Z Z UEI‘EI&X Y Pr [ZTq+t’ =o|Zp,_, = v}

=1 t'=1

n g(k+1)
W3 S (v + ") (by (19)

k=1 t'=1
n Q(k""l)

W+3 3 ot

k=1 t'=1

1)+ g Zg(k + 1)p(k)
n+1

Z g(k (20)
holds. The claim is clear by (18) and (20). <

Now, we are ready to prove Theorem 4.
Proof of Theorem 4. Let

g(k) := max (0(k), 7% (k))

for k > 1. Notice that g(k) < d(k) + 7* (k) holds. We calculate >, Ry(t) using Lemma 5:
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g g
Tn +1 Tn +1

E Ry(t) = ILm E Ry(t) < lim E Ry(t) (since weakly LHaGQG)
n oo n— oo
t=1 t=1 t=1

3 n+1
< lim {g(l) + Z g(k)p(k — 1)} (by Lemma 5)

n—oo 5 PR
= o)+ 23 gRyplk 1) (21)
k=2

< g S o(k)pk—1)+C  (by (6))

k=2

holds with some constant C. Now it is easy to see that (14) implies Y ;2 Ry(t) < oo,
meaning that D = (9, G, P) is transient. <

4 Random Walk on Growing Dimension Boxes

This section is concerned with a random walk on growing dimension boxes D = (9, G, P).

Let G(n) = (V(n), E(n)) be a graph given by
V(n):={0,..., N}t
E(n) :={(z,y); z,y € V(n), |z -yl = 1}

where n and N are (fixed) positive integers. Let o € V(n) denote the origin vertex. Let
PG for n > 1 denote the transition probability of a lazy simple random walk on the static
graph G(n), which is given by

3 (if z = y)
peey _ ) a2 =yl =1, 2k # gy and 2 ¢ {0, N})
N sootr (fllz =yl =1, @ # yp and 25 € {0, N})
0 (otherwise)

for z,y € V(n). Then, we are concerned with a RWoGG X; (¢t = 0,1,2,...) according
to D = (0,G, P). If the graph grows at time ¢, we assume X; = (21,...,Zngtn-1) =
(1, s Tpgtn—1,0).

» Theorem 6. If D = (0,G, P) satisfies

— 0(k) _
Z(gN)k_oo

k=1

then o is recurrent, otherwise o is transient.

We will prove Theorem 6 based on Theorems 2 and 4. As a preliminary step, we remark
two facts. One is about the stationary distribution of P and it is not difficult to observe
that
(22)

1
p(n) = W

22:9
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holds. The other is about the mixing time of PS(") and we can prove

7*(n) < 8N?logy (2N) (ng +n — 1)* (23)
by a standard coupling technique. Therefore, random walk on growing boxes satisfies (6).
Then, it is not difficult to see that Theorem 6 follows from the following Lemma 7.
» Lemma 7. Random walk on growing dimension bozes is weakly LHaGG.

Before the proof of Lemma 7, we prove Theorem 6.

Proof of Theorem 6. Notice that D satisfies (23) and it is weakly LHaGG by Lemma 7,
meaning that D satisfies the hypotheses of Theorems 2 and Theorem 4. By (22),

1 1

() = BNy T 2Ny
1 . . - oo o(k) __
Zlhere remark that mrg=r is a constant since N and ng are constants. If D e GNF =
en

> 1 = ok
5209009 = (s D B =

holds, which implies o is recurrent by Theorem 2. Similarly, if 37>, % < C holds for
some constant then

o0 (o)
1 (k) 1
o(k)p(k—1) = < C
Z ( )p( ) (2N)n072 Z (QN)’“ - (QN)"O*Q
k=2 k=2
holds, which implies o is transient by Theorem 4. <

4.1 Proof of Lemma 7

We prove Lemma 7 by an artificial coupling. Due to the page limitation, we here explain a
proof sketch.

Let X = Xo,X1,... be a RWoGG according to Dy = (f,G, P), and let R;(t) (t =
0,1,2,...) denote its return probability. Similarly, let Y = Y3, Y7,... be a RWoGG according
to Dy = (9,G, P), and let Ry(t) (t = 0,1,2,...) denote its return probability. Note that
Xo =Yy = 0. Suppose that

D fk)y = g(k) (24)
k=1

k=1

holds for any n > 1. Then, we couple X and Y time asynchronously, so that X; <Y; holds
for any t = 0,1,2,..., which is established in three steps by the following Lemmas 8-10.

» Lemma 8. Suppose X andY satisfy
X =o0, Yy = o,
fort <t'. Then, there is a coupling of X andY such that
min{r ; >0, Xy, Zo} =min{r; r >0, Yy, # o}, (25)

i.e., X and Y stay at the origin vertex o for exactly the same r steps, where we define
min ) = oo for convenience.
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Proof. Notice that each of X and Y remains at the origin vertex o with probability %, and
leaves the origin vertex o with probability % independent of dimensions. Then, we can
construct a coupling of X and Y. |

» Lemma 9. Suppose that |X¢| = |Yy| = 1, where t < t'. Then, there is a coupling of X
andY such that

min{r; r>0, X;y, =0} <min{r; r >0, Y4, =0}, (26)
i.e., X returns to the origin vertex o in a fewer steps than Y.

Sketch of proof. Without loss of generality, we may assume® that X; = (X}, X2,..., X}") =
(1,0,...,0) and Yy = (Y}, Y7,...,Y,"") = (1,0,...,0), where we remark n; and m; respect-
ively denote the dimensions of X; and Y;.

Let I(t) € {1,...,n;} denote the index selected in the transition from X; 1 to X, and let
J(t) € {1,...,m;} denote the index selected in the transition from Y;_; to Y;. For example,
when X; 1 = (0,0,0), I(t) =1 and X} = X} ; + 1 then X; = (1,0,0). Then, we couple
{I(t+7)}r=1,2,.. and {J(t+7)}r=12,. .. For 0,1, € {1,2,... ,ny4,}, let

\Ijk(ot_;,_,,«) = {{wt+r}T€N ’ Wy > Nitgr for k&’ < k and W = 9t+r}
and
\Tl(t +r)= {{wtﬂ,}reN |wk/ > ngy, for k' >1 }

for r > 1. Let W = {W,}, satisfy W, := J(t' + s) for s > 1. Suppose I(t + 1) = O¢ 4.

Let s; = k such that W € Uy (0,41), and let S(1) := s1. Recursively, let s,, = &k’ such that

W € Uy (0yy4,) for r > 2, and let S(r) := S(r — 1) + s,. Let U(0p1r) = Upey Wi (Orsr).
Firstly, we claim that

Pr{I(t+7) = Ous,] = Pr[W € W(0h,)] + — Pr [W € U(t + r)] . (27)
t+r
Clearly,
1
PrI(t+r) =0i1,] = —
Ntr
holds for the left-hand-side of (27). Notice that
t+r<t'+5(r) (28)
holds. Then, we can prove
1 ~ 1
PI‘ [W S \IJ(GH_T)] + PI‘ W S \If(t + T) = (29)
Nttr Niyr
holds, which implies (27).
Next, we prove for any r and i < ng,, that
Xipr S Yoy, (30)

for S(r) <s < S(r+1). We consider two cases whether ¢ < ny41 or not.

5 Suppose that |Y;| = |Y{| = 1. Let Y; = Yt/j = 1. There is the coupling of Y and Y such that Y; = o if
and only if Y = o.
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i onsider the case ¢+ < n;y1. Reca a ' =Y} for i < ny. We in uctively prove tha
i) Consider th i < niq1. Recall that X; =Y, f < We inductivel that

Xio = Vi, (31)
for S(r) < s < S(r+ 1) with respect to r. Notice that

thl;—&-S(r) = Ytl;+s (32)
for S(r) < s < S(r+1) since I(t' + s) > nyqr41 for S(r) < s < S(r+1). Suppose i is
chosen [ times for Xy, ..., X¢y, in the r steps, i.e.,

Hr' [Tt +7") =i, 1<r' <r}| =1
Notice that i is chosen [ times for Yy ..., Y, g(y in the S(r) steps. Then,
Pr[Xi . — Xi =2 | I(t+7") =1
= Pr Vi) — Yigsen = 2 | S +S0) =]
holds for z € {—1,0,1}. The inductive assumption X/, ,_, = Y§+S(T,)_1 implies
Xigr = Y50 (33)
We obtain (31).

(ii) Consider the case i > n;y1. Suppose 4 is chosen [ times for X;, ..., X;4, in the r steps,

ie.,
Hr' [ It +7r") =i, 1<+ <r}| =1,

and let r” denote the minimum satisfying I(¢t + ") = ¢ for 1 < " < r. Clearly,

t
S(r) < s < 8(r+1)in a similar way as the case (i).

Thus, we consider the case X} g < Y;tl—&- Sy —1° Then, we can couple the transitions

X XZ_W and }/ti—i-S(r/)—l — Yti-s-S(r') such that

X/ g < l’t’;+s(r,,)_1. X, = Yy 4 s(ry—1, We can prove (30) for any s satisfying

Z—&-r
PriX/ . —X{ 1 =0]|I{t+1)=1i
T+ 56y =i] =

Pr HX;Jrr’ - XZ+¢~171’ =1 { I(t+r') = Z]

:Pr[

Yo sy — Ytl;+S(r’)71‘ =1

i i . 1
= Pr [erS(r’) —Yiisen-1=0 ‘ J(t+5(r") = Z} =3

hold. Recall that X/, ., < Y;er(r,,)fl implies X}, ., +1< Ytﬁrs(r,,)fl. Thus, the
coupling implies XZ+ < Y;Jrs(r,,). For other v € {r'; I(t+7v") =14, 1 <¢' <r},
we can inductively prove (30) in a similar way.

Therefore, if Y returns to the origin vertex o at time ¢’ + S(r) then X returns to the
origin vertex o before the time ¢ + r by (30). Clearly t +r < ¢ + S(r) by (28). We
obtain the claim. |

P

» Lemma 10. Let

To:=min{r ; r >0, Xy, =o},

m=min{r; r >0, Yyigc,)4r =0} .

If Yy 5(z,) # 0 then there is a coupling of X and'Y such that Xy, = Yy 5(r,)4r, = 0,
i.e., X stops its time until Y returns to the origin vertex o.
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Proof. Since
Pr[7), < ooor 7, =00 | Yyig(r,) #0] =1

holds for any Yy 4 g(-,) € {0,1,..., N} +50o), <
We prove Lemma 7 using Lemmas 8-10.

Proof of Lemma 7. Let

72(n) :==min{t; t >72(n—1), Xt = o},
7d(n) :==min{t; t >71¥(n—-1), Y; =0}

o

for n > 1. For convenience, let 77(0) := 0 and 7¢(0) := 0. To begin with, we prove that
there is a coupling of X and Y such that

7o (n) < 73(n) (34)

for any n > 0. For n = 0, (34) is obvious. Inductively assuming that (34) holds for n, we
prove it for n + 1. If 7¥(n 4+ 1) = co then we have

To(n+1)<71¥(n+1)

clearly, and we obtain (34) in this case. Then, we consider the case of 7¥(n + 1) < co. By
Lemma 10, X can stop at the vertex o at time 77(n) by the time 7¥(n). Therefore, we can
consider the coupling of Xs(,) and Y.v(,,y. By Lemma 8, there exists ¢, > 1 such that

Xrzmyys =0 and Yoy o =o0 (35)
for any s satisfying 0 < s < t,, and

Xra(ky+t, 70 and  Yivyig #0 (36)
hold. If ¢,, > 1 then (35) implies

2n+1)=77(n)+1 and 7Y¢(n+1)=7¢(n)+1.
This means that we have

To(n+1) <71y(n+1)

by the inductive assumption (34), and we obtain the equation (34) in the case ¢,, > 1. Then,
we consider the case t,, = 1. Notice that (35) and (36) imply

| Xre )4t = 1 Yo (ey4enl = 1,

and hence Lemma 9 implies that there is a coupling of X and Y such that
To(n+1) <7 (n+1) (37)

holds. Therefore, we obtain (34) in the case ¢, = 1. Thus, we obtain (34) for any n+ 1. Tt is
not difficult to see from (34) that the random walk on growing dimension boxes is weakly
LHaGG. |
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