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—— Abstract

A long line of work has studied the pseudorandomness properties of walks on expander graphs.
A central goal is to measure how closely the distribution over n-length walks on an expander
approximates the uniform distribution of n-independent elements. One approach to do so is to label
the vertices of an expander with elements from an alphabet ¥, and study closeness of the mean of
functions over X", under these two distributions. We say expander walks e-fool a function if the
expander walk mean is e-close to the true mean. There has been a sequence of works studying this
question for various functions, such as the XOR function, the AND function, etc. We show that:
The class of symmetric functions is O(|X|\)-fooled by expander walks over any generic A-expander,
and any alphabet ¥ . This generalizes the result of Cohen, Peri, Ta-Shma [STOC’21] which
analyzes it for |[$| = 2, and exponentially improves the previous bound of O(|Z|°(FD)), by
Golowich and Vadhan [CCC’22]. Moreover, if the expander is a Cayley graph over Zx,, we get a
further improved bound of O(1/|X|)).
Morever, when ¥ is a finite group G, we show the following for functions over G":

The class of symmetric class functions is O(—VlDG‘)\) -fooled by expander walks over “structured”

M-expanders, if G is D-quasirandom.

We show a lower bound of Q(\) for symmetric functions for any finite group G (even for
“structured” A-expanders).

We study the Fourier spectrum of a class of non-symmetric functions arising from word maps,
and show that they are exponentially fooled by expander walks.

Our proof employs Fourier analysis over general groups, which contrasts with earlier works that
have studied either the case of Zs or Z. This enables us to get quantitatively better bounds even for
unstructured sets.
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1 Introduction

Expander graphs are fundamental pseudorandom objects with a vast range of applications
in computer science and mathematics [13, 26, 17]. These graphs combine two opposing
properties of being well-connected yet sparse. In many ways, they exhibit behavior that
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is surprisingly close to truly random, thereby being used to replace randomness and yield
several explicit constructions. For instance, explicit codes approaching the random guarantees
of the Gilbert—Varshamov [7, 27] bound [24] or the generalized Singleton [23, 21] bound can
be constructed using expanders [16]. Moreover, expanders can be used to construct a variety
of pseudorandom generators [14, 12].

Walks on expander graphs not only mix fast, but they are an important derandomization
tool for the Chernoff bound [8, 6], the hitting set property [1, 25], etc. These tasks can
be phrased in a more general and unified way as how well expander walks fool a Boolean
function f: {0,1}" — {0,1}. In this setting, the vertices, Vx, of an expander graph X, are
labelled with bits {0,1} and instead of evaluating f under the uniform distribution on n
bits, we evaluate it under the distribution on {0,1}" induced by taking a random walk on X
of length n. To quantify the error incurred in this process of replacing true randomness by
expander walks, it is convenient to define Ex(f) as:

Ex(f) = ’ESNV;(L [£(s)] = Esarw, [f(s)]] -

In this language, by choosing f to be the AND function on n bits, we recover the expander
hitting set property application. The choice of f as a (suitable) threshold function on n bits
leads to the expander Chernoff bound. The choice of f as the XOR, function on n bits (and
a carefully constructed X') leads to the breakthrough code construction of Ta-Shma [24].

Using this unified perspective, Cohen, Peri, and Ta-Shma [4] developed a systematic
framework to analyze expander random walks and obtain bounds on Ex (f). Their framework
is based on Fourier analysis and exploits the fact that any Boolean function f: {0,1}" —
{0,1} can be expressed in the Fourier basis as a linear combination of characters, which
are XOR functions in this case. They obtained bounds on Ex(f) in terms of the spectral
expansion A of the (normalized) adjacency matrix of X.

A series of works [10, 3, 9] have since extended the [4] framework to functions of the form
f:X™ — C, where X is a finite alphabet. These works study symmetric functions — functions
that are invariant under any permutation of the input coordinates — and functions computed
by restricted circuit classes such as AC’. Golowich and Vadhan [10] get the following bound
for symmetric functions:

Ex ()] < (290D N).

They asked whether such an exponential dependence on || is optimal. In this work, we
improve this bound to O(]3|-\) by viewing a function f : ¥ — C as a function f : Zis, — C
which enables us to use a Fourier basis. More interestingly, this change of perspective
motivates us to consider graphs that can utilize this algebraic structure, such as Cayley
graphs over Zx|. This idea helps us get a bound of O(\/ﬁ - A) for Cayley expanders, further
improving upon our bound of O(|X]| - A) for arbitrary expanders.

Functions over Groups

More broadly, the above suggests investigating functions over general finite groups (instead
of just Zx|) and considering expanders with a compatible algebraic structure. This opens
up interesting directions to study:

1. What novel classes of functions f : G™ — C can we study that utilize the group operation,
or have richer symmetries coming from the group? For instance, class functions, i.e.,
functions that satisfy f(z) = f(gzg™!) for every z,g € G.

2. Can one obtain stronger bounds on Ex(f) for such function classes when the expander
X has algebraic structure?

3. How can one utilize the pseudorandomness properties of the group itself, such as quasir-
andomness?
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While these questions are very natural in their own right, studying functions over general
groups has been fruitful in the context of complexity theory. For instance, the famed
Barrington’s theorem [2] effectively reinterprets a Boolean function as a function over the
permutation group. More recently, [15] showed that one can obtain improved expanders by
studying pseudorandomness for functions over the permutation group.

1.1 Our Results

We initiate a study of this general setup and make progress in answering these questions.

We (i) give a general lemma about the pseudorandomness for matrix-valued functions (over
arbitrary expanders), which is needed to work with Fourier decompositions of non-abelian
groups, (ii) analyze specific function classes of symmetric functions and word functions over
a group G, and (iii) we study symmetric class functions over structured expanders, and show
that the quasirandomness of the group G synergizes with the randomness of the expander
X to yield improved bounds, and finally, (iv) we prove a lower bound for the fooling of
symmetric functions even over such structured expanders.

1.1.1 Pseudorandomness of generic expanders

We begin by considering an abstract problem about expander walks. Let X be an expander
and consider a set of k matrix-valued mean-zero functions:

{fi: X > CWU | je K}, max|fi(@)llop < 1.

Given an ordered subset S = {i; < i < -+ < ip_1 < i} of indices, we wish to study the
expression,

Exs (@@ fu) == ||[Eawrw, [fi(ziy) @ @ fulzi,)]||

op

Note that the above expression is identically 0 if X is a complete graph (with self-loops) as
the functions, f;, have zero mean. The goal is to show that above quantity is small when
we have a A-expander. Analyzing special cases of such quantity is at the heart of several
past works [4, 15, 20] that studied pseudorandomness of expander walks. For the setting of
matrix-valued functions, the result of [15] gives the following bound on the expression:

» Theorem 1 ([15]). Let X be any A-expander and {f1,..., fr} be a collection of mean-zero
normalized matriz-valued functions for k > 2. Then for any k-sized subset of indices, S,

Exs(fi®-®fr) < (2N)lz]

The above result is agnostic to the set S and gives a general worst-case bound. But this
is too pessimistic when S has large gaps. For instance, if S = {1, 4,9}, the above result gives
a bound of A which is far from the optimal (could be as small as A\®). We prove a result that
takes the structure of S into account and gives an improved guarantee when S has large
gaps.

» Theorem 2 (Matrix-Valued Fooling, Theorem 19). Let X be any A-expander and {f1, ..., fr}
be a collection of mean-zero matriz-valued functions for k > 2. Then for any k-sized subset
of indices, S,

Exs(fi®-®fr) < A < (4)\)L§J.

where n(S) is an explicit function.
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The above bound is an improvement (over Theorem 1) when S has large gaps. Theorem 2
generalizes the result of [4], who achieved the same improvement over the result of Ta-
Shma [24] for {£1}-valued functions. This quantitative improvement was crucially used
by [4] to prove their result about fooling functions over {0,1}", and we use it similarly to
prove it for functions over an arbitrary alphabet, 3.

The above theorem connects with fooling functions via Fourier analysis. Let G be a
group, and f : G" — C be any function. Consider a labeling! map, ¢ : X — G. Then,
fep: X™— C, and the term we wish to bound is:

Ex(f) =

LE [Fe@)o@a)] = E [fle@)..p@n)]|.
Furthermore, since f is a function on a product group, G™, we can apply the general Fourier
transform to express f as a linear combination of matrix-valued tensor functions?. These
tensor functions (when composed with ¢) can be analyzed using Theorem 2. This can
be seen as a generalization of the Fourier analytic approach of [4], who study symmetric

functions over Z3. As a first application, we use our generalization from Z% to Zf,, to

1=
prove Theorem 3. Additionally, the ability to work with a general Fourier basis is utilized for
other results where the function uses group structure for a given (potentially non-Abelian)

group G, such as for group products (Theorem 5), and our general lower bound (Theorem 9).

1.1.2 Fooling symmetric functions and word functions

We analyze the fooling of symmetric functions, ie functions f : ¥® — C that is invariant
under permuting the input coordinates, for any finite alphabet X.

» Theorem 3 (Fooling symmetric functions, Theorem 32). Let f be any symmetric function,
f: X" — C where X is any finite set. Let X be a A-expander such that A < ﬁlz\' Then for
any unbiased labelling of X with X,

Ex (Pl < B2eAX]) - [I£]l2

Moreover, if ||flla = on(1) — for example, the weight indicator function which satisfies
Il flla =n~Y* — one obtains a vanishing decay.

This improves the previous best bound of (|2|?(=D . \) due to Golowich and Vadhan [10].
Our analysis relies on using a Fourier basis for such functions that can be obtained by viewing
Y instead as Zy;, and then applying Theorem 2. However, our proof is agnostic to this specific
choice of group and can instead work with a Fourier basis over any group (of size |X|) by
using Theorem 2.

Word Functions and Group Products

Going beyond symmetric functions, we analyze “non-commutative” monomial functions,
which we call word functions.

L We only work with unbiased labelings, i.e., those that induce the uniform distribution on G.

2 Theorem 2 enables the possibility of working with orthonormal bases other than the Fourier basis.
Any reasonably “flat” orthonormal basis where the basis elements satisfy certain pointwise bound and
contains the invariant vector (i.e., the all 1 vector) can be used.
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» Definition 4 (Monomial word function). For an ordered subset S C [n], a monomial word is
a map, ws : G" — G, defined as ws = [[,cq 95 where es € {£1}. A function f: G™ — C
is a monomial word function of degree k, if f = h(ws(g1,--+ ,gn)) for some S of size k and
a function h : G — C.

We give a complete characterization of the Fourier spectrum of monomial word functions,
and show that these have Fourier support on the highest level and thus are analogs of the
PARITY function over Z3. Moreover, this support is sparse (see Lemma 34), and this
enables us to use Theorem 2. We thus deduce that such functions are exponentially fooled
by expander walks.

» Theorem 5 (Fooling word functions, Theorem 35). Let f : G — C be a word function of
degree k corresponding to a set S. Then for any expander X with an unbiased G-labelling,

Ex(f)] < NG5 Ifll < OB GIE | f]2.

One important case of this class of functions is the group product functions, namely,
Boolean valued functions f that take z1,...,z; € G as input and output 1 if and only if the
product is equal to some target element ¢t € G. Fooling group product functions is a crucial
component in the construction of some pseudorandom generators for branching programs,
e.g., [18, 5].

We sharpen Theorem 5 for group product functions by removing the dependence on |G|
in the error bound while achieving the same exponential decay in terms of expansion.

» Theorem 6 (Fooling Group Products, Theorem 37). Let G be any finite group, t € G,
and f(Z) = l{z,..0p =ty be a group product. Then for any expander X with an unbiased
G-labelling,

Ex ()l < (@02

1.1.3 Pseudorandomness of structured expanders

The above results hold for generic expanders, but since our function is defined on a group, it
is natural to consider “structured” expanders that gel well with the group. In the case of
Abelian groups, these are just Cayley graphs, using which we obtain a further improvement
to Theorem 3.

» Theorem 7 (Abelian Groups, Corollary 27 and Proposition 42). Let G be an Abelian group
and X be a Cayley graph on G and let {x; | j € [k] } be a set of non-trivial characters of G.
Then for any ordered subset S of size k,

gX,S(Xl K- Xk) < )\77(8) : ﬂ{xlu-Xk:triV} .

As a consequence, for every symmetric function f: X" — C and Cayley expander X,

Ex(f)] < O(VIEI-A) - IIfl=-

For G = Zs, this result says that the odd degree characters are perfectly fooled, and
thus, every odd function f : Zy — C is perfectly fooled by such a structured expander. This
already illustrates the improvement over generic expanders.

To generalize this to general non-abelian groups, we need to restrict to class functions,
i.e., functions such that f(gzg™') = f(z) for every z,g € G. Note that for Abelian groups,

every function is a class function, as the condition is trivially true due to commutativity.

Moreover, we will need a stronger notion of a “pseudo Cayley graph” for which we omit the
formal definition here (see Definition 21). The key property of these graphs is that their
eigenvectors are given by the Fourier basis functions.

49:5
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Tighter Bound for Quasirandom Groups

An often seen phenomenon is that one gets better pseudorandomness properties for groups
that are highly non-abelian. One way to quantify this is the notion of a D-quasirandom
groups introduced in a seminal work by Gowers [11] which is a group in which the smallest
(non-trivial) irreducible representation (see Definition 13) has dimension D. Abelian groups
are l-quasirandom, whereas on the other extreme, there are matrix groups that are |G|%—
quasirandom (see [11]). We show that such a gain does indeed occur in our setting as
well.

» Theorem 8 (General Groups, Corollary 27 and Proposition 42). Let G be a D-quasirandom
group and let X be a “pseudo Cayley” graph on G. Let {x; | j € [k] } be a set of non-trivial
characters of G, normalized by their dimension. Then for any ordered subset S of size k,

Exsa @ @x) < A (prive X1 Xk )-

As a consequence, for every symmetric class function f: G™ — C,

ex(f)] < 0(m~A)-||f||z.

D

Apart from the quasirandomness factor, the key improvement from Theorem 2 here is
the extra factor of <Xtriva X1 Xk>~ This counts the fractional dimension of the trivial irrep
inside the tensor representation p; ® - -+ ® pg. This quantity is much smaller than one, for
instance, when k£ = 2, it is at most #. Moreover, this quantity can be computed explicitly
using basic representation theory, which yields a more precise upper bound.

1.1.4 Lower Bounds

We show that our dependence on A in the bound of |Ex(f)| in Theorem 3 cannot be improved
in general, no matter the choice of group G. Let, A C G and ¢ € [n]. We define a symmetric
boolean function Th, , as :

Th, () =1 if |{i|z; € A}| >t; 0 otherwise.

» Theorem 9 (Lower Bound for any group). Let G be any finite group, and A C G be any

subset such that % = % There exists an A-expander X such that for every n large enough,

‘EX (ThAy,,HZ_ﬁ)’ > Q).
This lower bound holds even when X is a “pseudo Cayley graph” (as in Theorem 8) on G.

This lower bound places a limitation on how much the quasirandomness of the group or
the algebraic structure of the expander can be leveraged in terms of the pseudorandomness
of expander walks with respect to symmetric functions.

Regardless of how “far” from Abelian the group G is, a lower bound of () still persists.
This lower bound rules out the possibility of an upper bound of, say, % for a D-quasirandom
group in Theorem 3. More importantly, it shows that even if one uses an expander with such
Cayley-like algebraic structure, one cannot improve the linear dependence on .

We stress that proving this lower bound for general finite groups is substantially more
challenging than for the Z§ case [3]. In general, this requires the function and the graph
to “interact” in a non-trivial way, but now, in the presence of (possibly) higher-dimensional
representations, this is substantially more delicate to achieve (see Section 1.2).
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1.2 Proof techniques
A generalized "Ignore First Step” Trick

To prove our first main result (Theorem 2), we generalize the technique of [20] (also,
subsequently used in [19]) that introduced a trick that they called “Ignore First Step” Trick.
We generalize this in two significant ways. We first extend it to the setup of general matrix-
valued functions. More importantly, we perform a finer analysis to obtain a dependence on A
that takes into account the subset of indices S. This is necessary to yield a bound of \7(5)
as opposed to A#/2) (even for scalar-valued functions) that would be implied by [20].

We give a quick overview of this technique in the very special setup of {£1}-valued
functions that are all identical. We wish to analyze the term:

E W [fi(z1) - fr(zn)]-

(ZT15eeesTn)~ n

This corresponds to & = {1,...,k}. Let us start with k¥ = 2. This case can be directly
handled by the expander mixing lemma, which says that for a A-spectral expander,

2
) fa)] = (B @) ] <A E[f@)F].

(xl,xz)NRWQ z~RW1 INRwl

One interpretation of this lemma is that it reduces the analysis of the mean of the product
function over 2-length walks to the analysis of the mean and variance of the function over
a walk of length 1. The main idea behind the technique is to do such a reduction from a
length k-walk to analyzing mean and variance over (k — 1)-length walks.

We do not get into the details of this reduction but explain the trick used to bound such
variance terms, the simplest case of which is when k = 3. For a vertex x, let RW1(z) be the
distribution of 1-length walks starting from x. The term we need to analyze is,

e asolf| = g [if@r, g 167G

y~RW 1 (z) x~RW y,2~RW1 (z)

ol
INR,Wl

The key technical point is the following. The expression on the right formally depends
on x but since f(x)? = 1, this dependence is virtual. More importantly, the distribution on
Y, z in this expression is the same as sampling y, z independently (of z) at distance 2 in the
graph,

E [ E
z~RW1 | y,z~RW ()

[1OTE)| = B, [F07E)

(y,2)~RW)

The right-hand side can now be analyzed by applying the above expander mixing lemma
on the graph X?2. Thus, this trick gets rid of the first variable x, and reduces the variance of
2-length walks to the mean of 1-length walk (on the squared graph).

Our proof follows a similar approach, but there are two key complications. One, the
functions we need to analyze are matrix-valued, and secondly, the above analysis does not
utilize the gaps in the index set S, and therefore would give a bound akin to [15, 24] which
is too weak for our purposes.

Let S = (i1, ,ix), and let Aj := ;41 —i; be the j®® gap. To bound the recurrence
more tightly, we view the random walk as a sequence of k steps, where the j*" step is on the
graph X2, To implement this approach in the general setup of tensors of operator-valued
functions, we introduce auxiliary functions such as,

gi(@) = 1y, @ @14, @ fi(2i;) @ fiv1(@iy,) - @ falziy),

that capture the intermediate state of this random process after j steps. This lets us
utilize the large gaps, i.e., |A;| in S, to obtain a sharper bound (A"(S) instead of PLELNY
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Beyond Spectral Gap via structured graphs

The above technique is quite general and works beyond the setup of groups, thereby yielding
a general result (Theorem 2). Moreover, it only uses the fact that X is an expander
i.e., that it satisfies a spectral gap. While this leads to operator norm bounds, it is not
amenable to analyzing trace norms, and one has to appeal to generic bounds such as
[IM]|¢r < dim(M) - [[M||op which is suboptimal in many cases. The key insight behind our
second main result (Theorem 8) is to use additional spectral information (eigenvectors) about
the expander X, and not just its spectral gap. To do so, we define the notion of pseudo

Cayley graphs.

Pseudo Cayley Graphs

These are graphs such that the characters of the group G are its eigenvectors. More precisely,
there exists a labeling of its vertices, ¢ : X — G, such that x o ¢ is an eigenvector of the
graph adjacency matrix Ax for every character x of G. Note that this property is true for
Cayley graphs over Abelian groups. Moreover, one can also build examples over non-Abelian
groups (see Example 22).

To make use of the above structure, we use a key fact from representation theory, which
says that the product of characters over any finite group G can be decomposed a linear sum,

Xa(9) - x5(9) = D& xy(g).

These coefficients are called Clebsch—Gordan coefficients for G. Therefore, our expression can
be inductively unrolled by alternating the operations— (i) taking a step of the walk (which
can be handled now that characters are eigenvectors), and (ii) decomposing the product of
characters as a linear sum. This leads to a precise calculation of the mean over random walks
(see Theorem 24) as opposed to an upper bound for the operator norm.

Lower Bound

This precise calculation comes in handy not just to prove the sharper bound in Theorem 8,
but also for the lower bound. The candidate hard function is a generalization of the Boolean
threshold function which was used in the analysis of [4]. However, their construction of the
graph is specific to Z, and does not generalize to other groups (even Z,). Moreover, in Abelian
groups the representations are 1-dimensional irreps and thus, [tr(M)| = [[M|op = |[M]|e-
However, in higher dimensions even if ||M|/o, > A, the trace, tr(M) can be zero which is
actually the quantity which we need to lower bound. To tackle this, we compute this trace
exactly at level 2 (Corollary 45) and combine it with the precise computation of the mean
for pseudo Cayley graphs (see Theorem 24).

2 Preliminaries

2.1 Random walks on expander graphs

Throughout the paper, X = (V, E) will be a d-regular M-expander graph. We write Ax to
denote the degree normalized adjacency operator of X.

» Definition 10 ((d, \)-expander). A graph d-regular graph X = (V,E) is called (d,\)-
expander if max{| Az, |An|} < X where Ay < Ay < -+ < Ay are the eigenvalues of Ax.
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We write  ~ y denote sampling of an edge, (x,y) from X. A key tool in analyzing
expanders is the expander mixing lemma:

» Lemma 11 (Expander mixing lemma). Let X be a A-spectral expander and f, g : X — C™ be
two vector-valued functions on the vertex set X. Let, iy = E,ox[f(z)] and || f||3 = E[|f(z)[?].
Then we have:

| Eany[(£ (@), g@))] = g mg) | < A1 Fl2llgll2-

Random walk notation

We find it helpful to define a few shortands associated with random walks on X = (V| E) to
streamline our presentation. We list them below.
We write "% ~ RW!, to denote uniform sampling of an (n — 1)-step (or, n vertices long)
random walk, (z1,29,...,2,) =: & on X.
Given, = € V, the notation ”# ~ RW,,(2)"” denotes uniform sampling of an (n — 1)-step
(or, n vertices long) random walk, & conditioned on 7 = x.
The expression "z ~* y” denotes sampling a pair, (x,y), of vertices from X that are at a
distance of k.

» Fact 12 (Distribution for a single). Fiz any k € [n]. Then, the marginal distribution on xy,
when & ~ RW,, is uniform over X.

2.2 The main quantity

Let G be any finite group and X = (V, E) be an expander graph. A G-labeling (or, simply
labeling), ¢, of X is a map ¢ : X — G. Given any such labeling ¢, we say ¢, is unbiased if

Pr [p(z) = g] = |G|  forallg € G

In this work, our focus is functions of the form f: G™ — C. We will always assume that the
labelling is unbiased and use f(z) to denote f o ¢ to prevent clutter.

2.3 Inner products and norms

Let C? be the d-dimensional complex inner product space equipped with the inner product.
We denote by Uy the group of d-dimensional unitary matrices. Let A, B € C**¢ be two
complex matrices. We have the following inner products and norms:

(u,v) 1= Ejujq)[uiv;]

(A, B)yg = tr(A*B) = tr(B*A)

HAHIQ{S = tr(4*A) = sz |Ai~,j|2

|A]lex = tr(v/A*A)

| Allop = sup ;=1 [[Az|| where ||-|| denotes the norm associated with ce.

2.4 Fourier Analysis on Finite Groups

We always use G to denote an arbitrary finite group (not necessarily abelian) unless specified
otherwise. Denote by L?(G) = {f : G — C}, the space of complex-valued functions equipped
with the following inner product,

(£.9) = E [(9(@)"f(@))]-

z~G

This induces the norm is || f||* = Ezne || f(2)[?].

APPROX/RANDOM 2025
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Group Representations

We will use the notion of a group representation®. Weyl’s unitary trick, says that for a large
family of groups (which includes all finite groups), every representation can be made unitary
and thus, we can restrict to studying these.

» Definition 13 (Irreducible Group Representation). Let G be a finite group. A unitary
representation of G is a group homomorphism p : G — Uy for some d, i.e., p(g192) =
p(g1)p(g2) for every gi,92 € G. The character, x, : G — C associated with p is the function:
Xp = trop. Note, that characters are not necessarily homomorphisms. A representation is
called irreducible (or irrep) if there exists no subspace of V.C C% such that p(g)V C V for
all g € G. The set of irreps of G is denoted as G.

When G is abelian, all irreducible representations are one-dimensional. Thus, in this
case, the set of characters, and the set of irreps coincide. Moreover, for abelian G, the set of
characters form an orthogonal basis of C[G]. This does not hold for arbitrary finite groups G.
Nevertheless, even for arbitary finite groups, the set characters do satisfy the orthogonality
conditions.

» Fact 14. Let, p,v € G be two irreducible representations. Then,

dp, if p="1,
<Xﬁ7X’Y>_{ P

0, otherwise.

Moreover, for any non-trivial representation p of any finite group G, Eqeqp(g) = 0.

2.5 Complex valued functions on groups

For every finite group G, the set of functions given by the matrix entries of the irreps, i.e.,
{pij | p € G,i,j € [d,]}, form an orthogonal basis for the space of all functions, L*(G).

» Definition 15 (Fourier Coefficient). For any irrep p, we have f(p) := Ey, [f(z) - p(x)]. The

o~

Fourier coefficient of the trivial irrep as p(f) := f(ptriv)-

» Fact 16. The following identities hold for the Fourier transform,
1. (Fourier inversion) f(z) = Epeé do( f(p), p(x)) .
2. (Plancharel’s identity) ||f||* = Epea dol| f(p) s -

Product Groups

In this paper, we will work with product groups. The following fact characterizes the
irreducible representations of G™ in terms of irreps of G.

» Fact 17. G = {1 ® - Qpn|pi € é} We use pp to represent p1 @ -+ ® p, such that
T = {i| p; # triv}. Moreover, |p| := |T|.

» Definition 18 (Degree Decomposition). For f : G™ — C, we use fi to denote the function
corresponding to its k™-level, i.e., fp(T) = 217=k dﬁ<f(ﬁ),ﬁ(f)> In the Boolean case

(Z% ), this is also referred to as the degree k component of f.

3 Additional background on representation theory of finite groups can be found in [22].
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3 Expander Walks and Product functions

In this section, we will prove the main claim about the fooling of tensored product matrix-
valued functions. This can be seen as the matrix-valued generalization of [4]. We will then
apply it to our Fourier basis elements, i.e., irreps which are tensor product functions, to
obtain our main result for general functions. To state our theorem, we will need a few pieces
of notations borrowed from [4] that we describe below.

Notation

Let & = {i1 <ia < - - <ig—1 < i} be an ordered subset of {1,2,...,n}. We define the
following key quantities:

Iy = {{Lk-1}CICk-1]| VIi<j<k-—1 {jj+1}nI+#0}.

Aj(S) = djt1 i

In this section, we can state our main theorem that we prove in this section.

» Theorem 19. Let, X be an A-expander graph and let S = {i; <ig < -+ <ig_1 < ir} be
an ordered subset of [n]. Let {f; : X — Mq,(C) | j € [k] } be set of matriz valued functions
such that B x [fj(2)] = 0, and max, || f;(x)|lop < 1. Then,

HEfean[fl(xil)Q?"'®fk($ik)]Hop < Z ,\me(s).

IeZ(k)
Proof. See the full version of the paper for this proof. <
» Corollary 20 (Operator version of [4]). Let X be a A expander and ¢ : V(X) — G be
an unbiased labeling. Let S = {i;,--- ,ix} C [n]. Then for any set of non-trivial irreps
{p1,... .k} of G,
VNTE
[Ecerw, [o1(p()) - ® prlp@ ], < 37 Adeer &,
I€T,

Proof. We only need to check that a non-trivial irrep satisfies the conditions of Theorem 19.
The max operator norm is 1 as representations map to unitary matrices. The mean zero
condition holds from the fact we work with unbiased labelings and from Fact 14. |

3.1 Walks on “structured” Cayley graphs

In this section, we will specialize our results and work with a class of Cayley-like graphs.
These graphs generalize a very useful property of Cayley graphs over Abelian groups, namely
that, its eigenvectors are characters. This knowledge of the graph eigenvectors will enable us
to sharpen our computation of the random walk expectation.

» Definition 21 (Pseudo Cayley graph). A graph X is pseudo-Cayley with respect to G if
there is an unbiased labeling ¢ : X — G such that for every Fourier basis element p;;, the
function, p;; o @, is an eigenvector of Ax with eigenvalue X,,.

When working with such graphs, we will implicitly use such a labeling and thus write
x(v) as a shorthand for x o p(v).

» Example 22. Let H,G be groups such that there exists a surjective homomorphism
¢ : H — G. Then, the complete graph on H (without self-loops), i.e., X = Cay(H, H \ {1})
is pseudo Cayley with respect to G, with ¢ as the labeling. In particular, one may take
H = G" for any r > 1. Moreover, it inherits the eigenvalues of X.

49:11
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3.1.1 Decay for walks on Pseudo Cayley graphs

We now prove a finer bound for the decay obtained by performing walks on such an X.
The labeling function is just the identity map on G. which is an unbiased labeling. This
improves Theorem 2 by providing an explicit description of the mean £x (p) and not just a
norm bound on it. This will be used to give better bounds for conjugacy-invariant function
i.e., class functions in Section 5.1. We start with a key fact from representation theory.

» Fact 23 (Decomposition of tensor representations). Let, o, 3 € G be two irreps of a finite
group G. There exists a change of basis transformation Ny g, and non-negative integer
coefficients {cg’ﬁ | v € G} such that for any g € G:

* P
Na,ﬁ(a(g)@)ﬂ(g))l\‘a,ﬁ = 69766 @«, ?

Xa(9) - x5(9) = Yo% x4(9),

C?r’f/ = Lia=p~}-

These coefficients are called Clebsch-Gordan coefficients for G.

The proof is an inductive unfolding of the expression by applying Fact 23 and then using
that the characters are eigenvectors.

» Theorem 24 (Precise Computation of Expectation). Let X be a pseudo-Cayley graph with
respect to G, with eigenvalues {\o | @ € G}. Let S = {i1,...,ix} be any ordered subset of
[n], and {p1,...,pr} be non-trivial irreps of G and {x;} their associated characters. Then
for any k > 2,

k—1

fw]lgwn [Xl(wil) ... Xk(xik))] = Z R H (ngiyli/\ﬁii(s)).

where vg = triv,y,_1 = pr are fized in the summation.

Proof. See the full version of the paper for this proof. |

We now derive two consequences from the above theorem that we will use later. We
start with a simple one that we have already computed as the base case in our above proof.
We write out separately as it we will utilize this case later. Moreover, it is conceptually
important because it captures the operation of projecting to the space of G-invariants.

» Corollary 25. Let X be any pseudo Cayley graph. and let § be such that |p] = 2 where
pi=aand p; = fora, € G and1 <1 <j<n. Then,

Ex(?) =0 if a#p,
Ex(p) = Aa(X) - E Jama'(g)] = A Ma.

gN
Here, My, is a d? x d? matriz with tr(M,) = 1.

Proof. This is the same computation as in the proof for the base case of £ = 2 but now
utilizing the matrix decomposition of a ® 8 from Fact 23. <
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Notice in the statement of Theorem 24 that if we have terms with many of the ~; being
trivial, then this expectation can be large, as Ay = 1. To see this, assume the extreme case
when every A\, = 1. Then, the term is just an inductive way to count the multiplicity of
the trivial rep in the tensor-rep, p1 ® - - - p,. To give a better bound, we make the following
important observation that as no two consecutive v;,7;4+1 can be trivial. We recall the
definition of Zy,

= {{Lk-1}CICk—-1]|V1i<j<k-2 {jj+1}nI#0}
» Observation 26. Let p be any non-trivial irrep of G. Then, "™ = 0. Let

triv

{0,715 ,Yk—1} be a sequence of irreps such that g = triv and yx—1 # triv. Define,
T, :={i |~ # triv}. Then,

k—1

[ =0 i, ¢

i=1
Proof. By definition, ¢/2"" is the multiplicty of the trivial representation in p ® triv which
is zero as p is a non-trivial irrep. Now, if T, & Zj,, either 1 & T, or there exists j such that
{j—1,j} ¢ T,. This is because k — 1 € T, by definition. In the first case, yo =1 = triv. In
the second, we have 7;,7v;—1 = triv. So we have that either the first term or the jth-term in

the product is zero. |

This shows that the term in Theorem 24 only sums over a subset of all possible sequences
of irreps. To formalize this we make the following definition

» Corollary 27. Let {p1,...,pr} be a set of k non-trivial irreps of G, and {x1,...xxr} be the
corresponding characters. Let X be any pseudo Cayley graph on G. Then for any subset S
of size k,

1€x,s(x5)] < (Xowivs X177 Xk) - max AZZET «

Proof. See the full version of the paper for this proof. |

4 Fooling Symmetric Functions and Word Functions

The main goal is to study the pseudorandomness of expander walks via families of test

functions. For a function, f : G* — Ck*k

5X(f):ngEWn[f(l"l,-an)]*ﬂ E [f(z1,...,20)] -

Z~Unif,,

, we wish to analyze

We have already analyzed this for tensor functions (Theorem 2). Using Fourier transform,
we will first see how studying the fooling of arbitrary functions reduces the problem to
measuring the fooling of tensor product of irreducible representations.

4.1 A general reduction to fooling irreps

> Claim 28. Let, f : G™ — C be any function, and denote its degree-i component as f;.

Then,
Ex(f) = > _Ex(fi), and
i>2
|Ex(fs)] < Z gl f ()|, - ng(ﬁ)Hopy Vi € [n].
7l pl=i
Proof. See the full version of the paper for this proof. <
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4.2 Fooling symmetric functions

Let f: G™ — C be a function that is invariant under any permutation of the input tuple.
Such a function only depends on the counts of each group element in the tuple and, therefore,
can be viewed as a symmetric function on ZTLG\ 41 Appealing to the results of Golowich—
Vadhan [10], one gets a decay of O(|G|°UEDX). We obtain an exponentially better bound of
O(|G|X) by utilizing a Fourier basis for G.

Preparatory lemmas

In the Boolean case, the Fourier coefficient of a symmetric function f, is unchanged under
permutation of the non-trivial coordinates, i.e., f(x7) = f(x7) for any subsets T, T" of size
k. Unsurprisingly, this extends to the case of general groups.

» Observation 29 (Fourier Coefficient under permutation). Let p1,-- - pr be any k non-trivial
irreps and let T = {t1,--- ,tx} be some ordered subset of [n]. Denote by pr the irrep with
(Pr)t; = pj and trivial otherwise. Let o be the permutation that maps T — T' for any other
T of size k. Then for any symmetric function f,

PN

for) = f(pr).
In particular, all norms are preserved.

We now obtain a trivial upper bound on the trace-norm of the Fourier transform, in
terms of the L2 norm. This is a fairly standard application of Cauchy-Schwarz.

» Lemma 30 (Trace norm to Le-norm). For any symmetric function f : G™ — C,

N

3 G|
> dil| F @)l < = fillz -
F=p1®- pr @I @I pitriv ()
Proof. See the full version of the paper for this proof. |

We now recall the key combinatorial bound from [4]
» Lemma 31 ([4, Lemma 4.4]). For any 2 <k <mn, and A < 1/2 we have
1
-1 A\ K/2 n 2
ky= 3" AAO)/2 < ok (T 2 ) < 16eA)*/2,
Alk) |sz|:k = “\ k2] (17)\) < ) (16e)

Proof. The first inequality is from the reference and the second follows by observing that

() = (o s i i) < <

» Theorem 32. Let f be any symmetric function over G™ where G is any finite group. Let
T = 16e\|G|. Then, for any k > 2,

Ex(fu)l < 72| fllo. And thus, [Ex(f)] < 27 || fl2, if T < 1.
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Proof. We will use pgs to denote the representation given by p; =.

E(fr)] < Yoo @l [Ex @], (Using Claim 28)

pelrrep(Gn), |7l =k

< D dAlF Pl Y 1Ex(S)llop (Using Observation 29)
P se()

< Zd,;”f(p")”tr Z NA(S)/2 (Using Corollary 20)
2 se(})

< S Al F @ e (Z) (16eA)*/2 (Using Lemma 31)
7

< (16eN) 2 |G || ]Iz (Using Lemma 30)

= () (I £l2-

To get the last inequality, we use Claim 28 and obtain that:

Ex(Nl < Ylextl < ()l < 27lifle i< 1. “

i>2 k>2

4.3 Word functions

A word map of a finite group G is an element of the free group on G. Given any h : G — C
and a word map w : G™ — G, one can consider the composed map h(w(-)) : G — C, which
is commonly referred to as a word function. Word functions are ubiquitous in mathematics
and computer science literature.

The main result of this section is to give a complete characterization of the Fourier

spectrum of a certain subclass of word functions that will be termed monomial word functions.

In particular, first we will show that these have Fourier support on the highest level and

thus are analogs of the PARITY function over Z%. Moreover, this support is also sparse.

Combining this with Corollary 20, we deduce that such functions are exponentially fooled by
expander walks.

» Definition 33 (Monomials and Word function). For an ordered subset S C [n], a word map
of degree k = [S| is a G-valued function ws : G™ — G, defined as ws = [[,.q95° where
es € Z. A word is monomial if the variables are non-repeating and the exponent is £1. A
function f : G™ — C is a monomial word function of degree k, if f = h(w(g1,--- ,gn)) for a
monomial word w of degree k and a function h: G — C.

In the second half of this section, we consider a subclass of functions within monomial
word functions that we call monotone word functions. Essentially, these are word functions
for which corrresponding word, w is monotone i.e., w = x;, ---x;, for ¢y < -9, We
already mentioned that for monomial word functions gets fooled by expander walks upto
an exponentially decaying error. However, the error bound has dependence on |G|. For
monotone word functions we remove this dependence while achieving the same decay in
terms of expansion.

49:15

APPROX/RANDOM 2025



49:16

Pseudorandomness of Expander Walks via Fourier Analysis on Groups

4.3.1 Fourier Spectrum of Word functions

We begin by proving a structural claim about the fourier coefficients of word functions. The
claim that we prove below essentially says that a word function f : G™ — C that only utilizes
a subset S C [n] of the input co-ordinates is only supported on representations p such that
pi = triv for i ¢ S and p; € {p, p*} otherwise. Note that, the fourier structure of these word
functions on more general groups closely resemble the special case of parities.

» Lemma 34 (Fourier Mass Support). Let f : G* — C be a word function of degree k
corresponding to a set S. Let ST (resp. 8™ ) be the subset of elements such that es = 1 (resp.,
—1). Then, f(7) # 0 only if

1. For everyi & S, p; = triv.

2. For every i € ST p; = p for some p € Irrep(G).

3. For every i € S~ p; = p* for the same p as above.

Proof. See the full version of the paper for this proof. <

4.3.2 Fooling Word Functions

Before we state our first theorem in this section we recall two notations from Section 3.
Let S = {i; <ia < -+ <ig_1 <ir} be an ordered subset of {1,2,...,n}. We define the
following key quantities:

Ty = {{Lk—1}CICk—1]| VI<j<k-—1,{jj+1}nI+#0}.

Aj(S) = i1 — iy
We have the following theorem on monomial word functions.

» Theorem 35 (Fooling for degree k word functions). Let f : G™ — C be a monomial word

function of degree k corresponding to a set S. Then for any expander X with an unbiased
G-labelling,

Ex(Pl < 30 aZoer MO g g,

I€Ty,
In particular, we have |Ex(f)] < A"YNG)2 - | f]l2

Proof. Let p° denote the representation p; ® ps ® - -- ® p,, where p; = p if i € Sf, pi =p*
if + € 7, and is trivial otherwise, i.e., p; = 1. From Lemma 34, we know that the only
non-zero Fourier coefficients are for such p. Thus we will consider these irreps for expander
walk fooling.

&N < X wlf@le-| E @) (Using Claim 28)
] goXm op
P €Elrrep(G™)
< ¥ dps||f(ps)\|tr-HE[ps(gj')] ) (Using Lemma 34)
p€Elrrep(G) g P
< ZAZiEIAj(S) Z cl];||f(ps)||tr (Using Corollary 20)
I€Ty, p€lrrep(G)
< 3 AL MO G | f],
I€Ty,

The last line follows from Cauchy-Schwarz and Holder’s inequality. <
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We now give an alternate proof of the above result in the special case that the word
is monotone i.e., w = x;, ---x;, for iy < --- < ip. The change is that we now the Fourier
decomposition of h : G — C i.e., over GG rather than of f directly. To analyze this, we will
need the result from [15].

» Theorem 36 ( [15]). Let X be any \-expander with an unbiased labelling of G. Then for
any non-trivial irrep p of G,

IEx (pa1 -+ zx))lop < A2,

The result in [15] works for any product function and thus if x; contains an inverse then,
we can pick f; = p* instead of p as p*(x;) = p(z; ")

» Theorem 37. Let f(Z) = h(xy---xx) be a monotone word function for some h: G — C.
Then for any expander X with an unbiased G-labelling,

Ex(nl < (VIGT-I7ll2) - (202,
In particular, for f(¥) = 1{z,...zp,=ty for any t € G, one has |Ex(f)| < (21)%/2,

Proof. We assume that the word does not contain inverses and is x1 - - - ; which is true up
to renumbering the coordinates. By the Fourier transform on G,

hty=">  d(hlp), p(t)).

p€Elrrep(G)

Now we feed in t = 21 - - - z,, into the function h.

p€lrrep(G)

Ex(f) = Y. dp(hlp), Ex(p(zr - ax)))
pElrrep(G)

Ex(f)] < > dpl[P(p) i I1Ex (p(1 -+ 1)) lop

pElrrep(G),p#triv

< N2 1G] Ihlle = M2 IGT | £

The last equality is a simple calculation that uses that for any fixed z1,...,z; the word
1+ x; - g is uniform over G if g is sampled uniformly from G.

Iflz=_ E [la@-a0)P]= E JE[Jh(z--ap)P]| = E [|5ll3].
Z1, Tk L1, Tk—1 | Tk L1, Te—1
When h = 1,-¢, then ||h|]2 = |G|_1/2 and the second claim follows. <

5  Function Classes with Group Symmetry

A general group G has a much richer symmetry structure than Z,, and this opens up the
possibility of studying functions, f : G® — C, that respect this additional symmetry (beyond
permutation of coordinates).
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5.1 Symmetric Class Functions

A function over G" is a class function if it is invariant under conjugation, i.e., for any
7,5 € G", f(g17191 "5, gnTngn ). In other words, the function value depends only on
the input’s conjugacy class. In this subsection, we will give a better bound for symmetric
class functions than the one for general symmetric functions. The improvement for class
functions will come from a precise calculation of our Ex (f) expression, without resorting to
a Cauchy-Schwarz—type bound to go from Li-norm to Ls-norm (Lemma 30). To do this, we
need to use the group structure.

Representation theory facts

We now state some basic facts about the representation theory of groups that we will need only
in this subsection. These are well-known facts and proofs can be found in any introductory
text.

» Fact 38 (Class Function Fourier Coefficients). For any class function f : H — C,

~

@) =colay. WFIB="dllFDlks = d2es.
0 22

» Fact 39 (Schur Orthogonality Relation). For any g,h € G, we denote g ~ h if they belong
to the same conjugacy class, say Cy. Then, we have,

. G
Y x@xe(h) = |Cg||']1{g~h}-

pElrrepG

» Fact 40. Let G be a D-quasirandom, i.e., the smallest non-trivial irrep has dimension D.
Let C(GQ) denote the conjugacy classes of G. Then,

~ G
el =16 < Sy

Proof. The first equality follows from the fact that characters form a basis for class functions
(or in other words, the character table is square). The second follows from the following:

Y d2 = |G| = 1+ D*-([c(G)] - 1). <

peG

We are now ready to assemble the above facts to bound Egwc[Xp,®-.-®p,) Which counts the
multiplicity of trivial rep in p; ® - - - ® pg. This claim allows us to improve upon Lemma 30
which would be analogous to a bound of |G|* in the below term.

» Corollary 41. For any finite group G denote by C(G) the conjugacy classes of G. For any

k>,
2 |G|k—2
nl%,G = Z (IS:[X/M@"-@P)«]) < Z W +1
P10+ ,prElrrep\triv CeC(G)

k—1
In particular, if G is D-quasirandom, then 771%,(; <4- ‘C’}ﬂ .

Proof. See the full version of the paper for this proof. <
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» Proposition 42. Let G be a D-quasirandom group and f : G™ :— C be a class function
that is also symmetric. Let X be a pseudo Cayley graph with expansion A. Then,

el < 0(%EN) )

In particular, for every symmetric function on an Abelian group, we get a bound of O(\/|G|-\).

Proof. We first prove a bound for the degree &k component of f.

Ex(fr) = > dacy-Ex(xp)

pElrrep(G™)

= > Y dpcy-Ex(xp)

p1pr€liren(G)\triv SC (1)

Ex(fi)] < > dy 3" el - 1€x (xp)]

p1y-pr€lrep(G)\triv. 5C(7)

Z |dzcs] - (IgE[xﬁ]) Z NA(S)/2

p1,prElrrep(G)\triv sc(y)

B(k) > |dgcal - (Igl[xp*])

p1,-prE€lrrep(G) \triv

> sl [ S ()

[ frll2
bl 2

(16e0)" - ||fk|\2

(16e>\ : 2\G|)k/2

AN

IN

IN

IN

IN

IA

IN

Therefore,

Ex 0l < lex(l < (S99 =02 9D) st «
k=2

|G

5.2 Diagonal action and G-invariant functions
» Definition 43 (Diagonal action and Projection). Let h € G and f : G — C. Define

(h- )@ := f(hay, ..., hey) = f(h-Z). The projection to the space of functions invariant
under this action is Pgf(Z) := Epc[(h- f)(Z)].

This generalizes the notion of even and odd functions over Z5 which are the special cases
when Pg(f) = f and Pg f = 0, respectively. We now make a simple observation that walks
over Cayley graphs smooth out the function via this projection.

» Observation 44. If X is a Cayley graph, then Ex(f) = Ex(Paf).

We will now compute the Fourier spectrum of Pgf and utilize this to get a precise
calculation of level-2 mass. While this can be generalized to state a more general claim, we
just include the version we will need later for the lower bound.
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» Corollary 45. Let f : G x G — C, and X be a quasi-Ableian Cayley expander such that
all non-trivial eigenvalues are \. Then,

Ex(f) = X (Paf(D) — ul(f)).

Proof. See the full version of the paper for this proof. <

6 Lower Bounds for decay of Symmetric functions

6.1 Fourier Coefficient of Threshold Function

Threshold Function

Let, A C G and t € [n]. We define a boolean function Th, , as :
Th, ,(Z)=1 if |{i|z; € A}| >t; 0 otherwise.

> Claim 46. Let, p=p1 @p2®...p, € G™ such that pi =, p;j = a* for some a € G and
1<i<j<nand pg=triv for any k & {i,5}. Then,

o an_—2 o aan - /\
Thoi(7) = (|G|) i@ @ Tl

where ap := ()] A[|A°|" .
Proof. See the full version of the paper for this proof. <

» Proposition 47. If |A| = % and t = #, then

n—2 n—2
i1 — O4_9 ( 1 )
= _— > .
CA’n,t ( |G|n72 ) = Q n—1

Proof. See the full version of the paper for this proof. <

> Claim 48 (Lower Bound on fooling level-2 component). Let X be a pseudo Cayley graph
such that all non-trivial eigenvalues are equal to A < 1/2. Let A be any subset of G. Then
for the level-2 component of the threshold function, the following holds:

|5X((ThA,t)2)‘ > (n - 2) “A- CA,n,t THAC HAe -

Proof. See the full version of the paper for this proof. <
» Theorem 49. Let G be any finite group, A C G such that % = %, and X = Cay(G",G" \
{1}) be the complete graph on G" without self-loops for some r > 4. Then for every n large

enough,
€ (Th, s )| = QX))

Proof. Using Claim 28 we can separate the calculation into fooling the level-2 function and
those beyond it, and thus for any function we have:

Ex(f) = D _&x(f),
=2

™
V)

=
Vv

> [Ex(fa)] - ‘znzgx(fk)‘ :
k=3
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We now let f be the threshold function, f = Th  ,4i_ys. The graph X has all non-trivial
’ 2
eigenvalues to be equal to \ETIT < 1/2. We can then apply Claim 48, which when combined

with Proposition 47, we get [Ex(f2)| = Q(A). To bound the remaining part, we use our
upper bound Theorem 32 and obtain that,

n

‘ZSX(fi)

1=3

3
2

Aflle < o(ATF) = o0, «

< 2(16¢|G|\)

—— References

1 M. Ajtai, J. Komlos, and E. Szemeredi. Deterministic simulation in LOGSPACE. In Proceedings
of the 19th ACM Symposium on Theory of Computing, 1987. doi:10.1145/28395.28410.

2  David A. Mix Barrington. Bounded-Width Polynomial-Size Branching Programs Rec-
ognize Exactly Those Languages in NC'. J. Comput. Syst. Sci., 38(1), 1989. doi:
10.1016/0022-0000(89)90037-8.

3 Gil Cohen, Dor Minzer, Shir Peleg, Aaron Potechin, and Amnon Ta-Shma. Expander Random
Walks: The General Case and Limitations. In Proceedings of the 49th International Colloguium
on Automata, Languages and Programming, 2022. doi:10.4230/LIPIcs.ICALP.2022.43.

4  Gil Cohen, Noam Peri, and Amnon Ta-Shma. Expander Random Walks: A Fourier-Analytic
Approach. In Proceedings of the 53nd ACM Symposium on Theory of Computing, 2021.
doi:10.1145/3406325.3451049.

5 Anindya De. Pseudorandomness for Permutation and Regular Branching Programs. In
Proceedings of the 26th IEEE Conference on Computational Complexity, 2011. doi:10.1109/
CCC.2011.23.

6  Ankit Garg, Yin Tat Lee, Zhao Song, and Nikhil Srivastava. A matrix expander Chernoff
bound. In Proceedings of the 50th ACM Symposium on Theory of Computing, 2018. doi:
10.1145/3188745.3188890.

7  E.N. Gilbert. A Comparison of Signalling Alphabets. Bell System Technical Journal, 31:504—
522, 1952. doi:10.1002/j.1538-7305.1952.tb01393.x.

8 D. Gillman. A Chernoff Bound for Random Walks on Expander Graphs. In focs93, pages
680-691, 1993. doi:10.1109/SFCS.1993.366819.

9  Louis Golowich. A New Berry-Esseen Theorem for Expander Walks. In Proceedings of the
55nd ACM Symposium on Theory of Computing, 2023. doi:10.1145/3564246.3585141.

10 Louis Golowich and Salil Vadhan. Pseudorandomness of Expander Random Walks for Sym-
metric Functions and Permutation Branching Programs. In Proceedings of the 37th IEEE
Conference on Computational Complexity, 2022. doi:10.4230/LIPIcs.CCC.2022.27.

11 W. T. Gowers. Quasirandom groups. Comb. Probab. Comput., 2008. doi:10.1017/
S0963548307008826.

12 Pooya Hatami and William Hoza. Paradigms for Unconditional Pseudorandom Generators.
Found. Trends Theor. Comput. Sci., 16(1-2), 2024. doi:10.1561/0400000109.

13 Shlomo Hoory, Nathan Linial, and Avi Wigderson. Expander Graphs and Their Applications.
Bull. Amer. Math. Soc., 43(04):439-562, August 2006.

14 Russell Impagliazzo, Noam Nisan, and Avi Wigderson. Pseudorandomness for network
algorithms. In Proceedings of the 26th ACM Symposium on Theory of Computing, 1994.
doi:10.1145/195058.195190.

15 Fernando Granha Jeronimo, Tushant Mittal, Sourya Roy, and Avi Wigderson. Almost
Ramanujan Expanders from Arbitrary Expanders via Operator Amplification. In Proceedings
of the 63st IEEE Symposium on Foundations of Computer Science, 2022. doi:10.1109/
FOCS54457.2022.00043.

16 Fernando Granha Jeronimo, Tushant Mittal, Shashank Srivastava, and Madhur Tulsiani.
Explicit Codes approaching Generalized Singleton Bound using Expanders. In Proceedings of
the 57th ACM Symposium on Theory of Computing, 2025. doi:10.48550/arXiv.2502.07308.

49:21

APPROX/RANDOM 2025


https://doi.org/10.1145/28395.28410
https://doi.org/10.1016/0022-0000(89)90037-8
https://doi.org/10.1016/0022-0000(89)90037-8
https://doi.org/10.4230/LIPIcs.ICALP.2022.43
https://doi.org/10.1145/3406325.3451049
https://doi.org/10.1109/CCC.2011.23
https://doi.org/10.1109/CCC.2011.23
https://doi.org/10.1145/3188745.3188890
https://doi.org/10.1145/3188745.3188890
https://doi.org/10.1002/j.1538-7305.1952.tb01393.x
https://doi.org/10.1109/SFCS.1993.366819
https://doi.org/10.1145/3564246.3585141
https://doi.org/10.4230/LIPIcs.CCC.2022.27
https://doi.org/10.1017/S0963548307008826
https://doi.org/10.1017/S0963548307008826
https://doi.org/10.1561/0400000109
https://doi.org/10.1145/195058.195190
https://doi.org/10.1109/FOCS54457.2022.00043
https://doi.org/10.1109/FOCS54457.2022.00043
https://doi.org/10.48550/arXiv.2502.07308

49:22

Pseudorandomness of Expander Walks via Fourier Analysis on Groups

17

18

19

20

21

22

23

24

25

26
27

Alexander Lubotzky. Discrete Groups, FExpanding Graphs and Invariant Measures, volume
125 of Progress in mathematics. Birkhduser, 1994.

Raghu Meka and David Zuckerman. Small-Bias Spaces for Group Products. In APPROX-
RANDOM 2009 Proceedings, 2009. doi:10.1007/978-3-642-03685-9_49.

Silas Richelson and Sourya Roy. Gilbert and Varshamov Meet Johnson: List-Decoding Explicit
Nearly-Optimal Binary Codes. In Proceedings of the 64st IEEE Symposium on Foundations of
Computer Science, 2023. doi:10.1109/F0CS57990.2023.00021.

Silas Richelson and Sourya Roy. Analyzing Ta-Shma’s Code via the Expander Mixing Lemma.
IEEE Trans. Inf. Theory, 70(2):1040-1049, 2024. doi:10.1109/TIT.2023.3304614.

Ron M. Roth. Higher-Order MDS Codes. IEEE Transactions on Information Theory,
68(12):7798-7816, 2022. doi:10.1109/TIT.2022.3194521.

Jean-Pierre Serre. Linear Representations of Finite Groups, volume 42 of Graduate Texts in
Mathematics. Springer New York, 1977.

Chong Shangguan and Itzhak Tamo. Combinatorial list-decoding of Reed-Solomon codes
beyond the Johnson radius. In Proceedings of the 52nd ACM Symposium on Theory of
Computing, 2020. doi:10.1145/3357713.3384295.

Amnon Ta-Shma. Explicit, almost optimal, epsilon-balanced codes. In stoc17, pages 238-251.
ACM, 2017. doi:10.1145/3055399.3055408.

Amnon Ta-Shma and Ron Zadicario. The Expander Hitting Property When the Sets Are
Arbitrarily Unbalanced. In Approzimation, Randomization, and Combinatorial Optimization.
Algorithms and Techniques (APPROX/RANDOM 2024), 2024. doi:10.4230/LIPIcs.APPROX/
RANDOM. 2024 .31.

Salil P. Vadhan. Pseudorandomness. Now Publishers Inc., 2012. doi:10.1561/0400000010.
R.R. Varshamov. Estimate of the number of signals in error correcting codes. Doklady
Akademii Nauk SSSR, 117:739-741, 1957.


https://doi.org/10.1007/978-3-642-03685-9_49
https://doi.org/10.1109/FOCS57990.2023.00021
https://doi.org/10.1109/TIT.2023.3304614
https://doi.org/10.1109/TIT.2022.3194521
https://doi.org/10.1145/3357713.3384295
https://doi.org/10.1145/3055399.3055408
https://doi.org/10.4230/LIPIcs.APPROX/RANDOM.2024.31
https://doi.org/10.4230/LIPIcs.APPROX/RANDOM.2024.31
https://doi.org/10.1561/0400000010

	1 Introduction
	1.1 Our Results
	1.1.1 Pseudorandomness of generic expanders
	1.1.2 Fooling symmetric functions and word functions
	1.1.3 Pseudorandomness of structured expanders
	1.1.4 Lower Bounds

	1.2 Proof techniques

	2 Preliminaries
	2.1 Random walks on expander graphs
	2.2 The main quantity
	2.3 Inner products and norms
	2.4 Fourier Analysis on Finite Groups
	2.5 Complex valued functions on groups

	3 Expander Walks and Product functions
	3.1 Walks on "structured" Cayley graphs
	3.1.1 Decay for walks on Pseudo Cayley graphs


	4 Fooling Symmetric Functions and Word Functions
	4.1 A general reduction to fooling irreps
	4.2 Fooling symmetric functions
	4.3 Word functions
	4.3.1 Fourier Spectrum of Word functions
	4.3.2 Fooling Word Functions


	5 Function Classes with Group Symmetry
	5.1 Symmetric Class Functions
	5.2 Diagonal action and G-invariant functions

	6 Lower Bounds for decay of Symmetric functions
	6.1 Fourier Coefficient of Threshold Function


